Our VLE in Numbers
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Thoodle.

70,735,906 Interactions logged in the VLE
Live records span ~ two academic years

What does that mean?
What is an interaction? AY 23-24

What can we learn from this? @ @ @
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Extracting Engagement Data from Moodle:

Large Moodle log tables were staged in Fabric to avoid live-query timeouts and produce course engagement counts by user role

@ Challenge @ Solution in Microsoft Fabric

( | | —
'_>1_ @ logdss. | A i ——- Engagement dataset
( PR — ) - 3 - e [nteraction counts per
’_ﬂ ' records Staged query joins module / course
@ > < N ~, o 3 e Segmented by user role
= [ Context role assignment, and
'4 T mappings -! @ ‘ role tables all l I e Examples: student, teacher, staff
I ' + r i B Caiiioads Il‘ e Reflects volume of platform
( ) oun . -
Live Moodle _4 ®e Role Relevant Fabric i g(:gfped interactions
Database ( &an assignments ‘ tables Lakehouse i by course and ‘ - o
- ”\ pre-ingested \(staged data) ) Y user role
| Rol \‘ - P —r N \
— ole . o
| definitions Exclude system Avonded live-database
8 g generated events by timeouts
————————————————————————————————— g filtering out the N — = —_—
. special system user

/

|

{ Large Moodle log tables caused
: timeout errors when queried live
|

, ORI O

Produced course
engagement metrics by role




Let’s look at student activity:

Interactions by Year
e 70 Million = 47 Million

. . Hom
interactions are student Homépage e s
interactions inside course "3' P
a 647,884 (0.92%)
p ges 24-25 ,___-/"“
34,485,912 TOTAL INTERACTIONS ‘ Pre 23
(48.78%) 70,735,906 11,655 (0.02%)
¢ 9.2 Million interactions with &
the Moodle landing pages (!) Rl @ 22
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© 25-26

25,668,790 (36.31%)

s Total Interactions: 70,735,906




What’s in Moodle?

2025-26
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2024-25

Students per Module

Distribution of modules by enrollment band | n= 2,133
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Interactions per User
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Take home:

Where Moodle Activity Comes From

Bucketed view of total interaction share by module groups

Top 1%

21.1% of activity

(cumulative top 7.8%)

Next 6.8%
28.9% of activity

Remaining 92.2%
50.0% of activity

0% 211%

44% of Modules see <200
interactions per student - median
is 232 interactions.

50% of all activity is concentrated
in <8% of modules.
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Share of total Moodle interactions

3000,000

Interactions by Module

Distribution of modules by total interaction volume (log-scale x-axis)

Relative group size

92.2%
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Square area is proportional to group share



|Is Moodle a collaborative space?

* 63% of modules have only 1 “Teacher”

Teachers per Module

24-25 Teachers
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Why?



What are the attributes of high interactivity

Module Size Is a Poor Predictor of Interaction Intensity

Interactions per Student vs Total Students

module?

e ltisn’t constrained to one
subject area.

Programme Diversity in the Top 1% of Courses

Based on matching module presence in an APS to a Moodie course

Discipline composition of the 29 Level 8 programmes

=
@ Business
29 2,879
’
— i @ Engineering
Level 8 programmes Student registrations 8 programmes (28%)
served in top 1% courses
Science
9 programmes (31%)
STUR Top 1% courses support a broad
.'@\- mix of programmes across four =) Computing (K)
disciplines. % 3 programmes (10%)

[2) Discipiine derived from the first etter of APS code (e g. GA_SCHPG_HS)

Interactions per Student

1,500

R*=5.1%

Only 5.1% of the
variation in interactions
per student is expiained
by total students.

1,000 1

R® closer to 0 indicates a

weak relationship
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Each point represents a module Most modules cluster below 100 students and below 1,000 interactions per student

o Axes capped o improve wisibiity. 6 moadules with intoractions per student > 1 500 are not shown (max = 4,59

* [tisn’t constrained to “large”
modules



Extracting Feature Data from Moodle:

Staging source data in Fabric avoided live-database timeouts and enabled more efficient extraction

@ Challenge @ Solution in Microsoft Fabric

S
— O
Direct SQL — ‘
query Ql{enes run
- g e ——— agalnjt staged Improved query
— M/ e ata performance
" | |
Live Moodle . r— Relevant Fabric
B Moodle tables Lakehouse
Dotasase Direct SQL ingested (staged data) % \
e el = e . 4 .
Nt T 9 Pataset2 ) Reduced impact on
Parameterized the production
_______________________________ processing

Moodle environment

Process a list of items

sequentially (e.g. by
question type) instead of
_______________________________ one bulk request

High data volume + query complexity
A Direct SQL queries timed out

during extraction

e e




What are the features of a high interactivity course?

Complex Grade books:

14% of Modules use Categories = 35% of Moodle activity

62% of Top 1% modules use categories

50% of High Activity (>1000 interactions use categorles l l l I
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ther Features?

* Assessment variety — not at first glance
* 3,018,448 questions are present in the Moodle question bank!

* Top 1% courses have an average of 9.8 different question types
* High interactivity courses average 8.7

* All courses average 8.0
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Specific High Value Assessments

3% of courses using Formulas or Stack
type questions drive 21.1% of all

3%
of courses
using
Formulas or
Stack type
questions

97%

of courses

not using
Formulas or
Stack type

questions

interaction within Moodle

21.1%

of all
interaction
within
Moodle from
these courses

78.9%

of all
interaction
within
Moodle from
other courses

3,018,448 questions are present in the
Moodle question bank!

3% of courses (66) use Formulas or
Stack type questions and drive 21.1% of

all (14.4% for Formulas, 9.4% for Stack; only 14 use
both question types)

On average 7 times greater than average
engagement per module with these
question types present.
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1. Evidence based analysis is critical
-Without quantitation it’s all guessing

2ddd 1] [T

2. The VLE isinhomogeneous
- There is enormous diversity in how people teach and how they use the VLE

3. Itis acritical dependency for many pedagogical approaches which
affect a majority of students across disciplines
- It enables more than teaching at scale

4. Specific grading and assessment approaches are important
The VLE has several critical technologies which enable high engagement
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o Insight & Retention — early-warning analytics for equity and student success.

o Inclusive Communication - DLSS (Disability & Learning Support Services)
integration and secure VLE

o Feedback for Learning — adaptive, mastery-oriented feedback pathways.

o Ethical Governance - transparent, secure and ethical

Alignment:
CINNTE Report and ATU’s Strategic Plan

Infrastructure: Powered by Microsoft Fabric, institution-wide scaling, source-agnostic
platform (Banner, VLE, RMS, Entra...).
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